
Text Analytics 

1. What is text analytics? 
o Answer: Text analytics, also known as text mining, is the process of deriving 

high-quality information from text by identifying patterns and trends. It 

involves techniques such as natural language processing (NLP), machine 

learning, and statistical methods to analyze unstructured text data. 

2. What are the common steps in a text analytics pipeline? 
o Answer: The common steps include text preprocessing (tokenization, stop-

word removal, stemming/lemmatization), feature extraction (TF-IDF, word 

embeddings), model building (classification, clustering), and evaluation 

(accuracy, precision, recall). 

3. What is tokenization in text analytics? 
o Answer: Tokenization is the process of breaking down text into smaller units, 

such as words or sentences. Each unit is called a token, and this helps in 

further processing steps like stop-word removal and lemmatization. 

4. What is the difference between stemming and lemmatization? 
o Answer: Stemming is the process of reducing words to their root form, which 

may not be a valid word (e.g., "running" to "run"). Lemmatization reduces 

words to their dictionary form (e.g., "better" to "good"). 

5. What are stop words, and why are they removed? 
o Answer: Stop words are common words (e.g., "the", "is", "and") that don’t 

contribute to the meaning of the text. They are removed to reduce the 

dimensionality of the data and focus on more meaningful words. 

6. What is TF-IDF, and how is it used? 
o Answer: TF-IDF (Term Frequency-Inverse Document Frequency) is a 

statistical measure used to evaluate the importance of a word in a document 

relative to a collection of documents. It helps in feature extraction by 

highlighting significant words. 

7. What are word embeddings? 
o Answer: Word embeddings are dense vector representations of words where 

similar words have similar representations. Common models to generate 

embeddings include Word2Vec, GloVe, and FastText. 

8. What is sentiment analysis? 
o Answer: Sentiment analysis is a technique used to determine the emotional 

tone of a piece of text. It categorizes text as positive, negative, or neutral. 

9. How does a bag-of-words (BoW) model work? 
o Answer: The BoW model represents text as a collection of words without 

considering grammar or word order. Each word’s occurrence is counted and 

transformed into a vector for analysis. 

10. What is Named Entity Recognition (NER)? 
o Answer: NER is a text-processing technique that identifies and classifies 

named entities such as persons, organizations, dates, and locations within a 

text. 

11. What is topic modeling, and how does it work? 
o Answer: Topic modeling is a statistical technique to discover the abstract 

topics within a collection of documents. Latent Dirichlet Allocation (LDA) is 

a popular algorithm used for topic modeling. 



12. Explain Latent Dirichlet Allocation (LDA). 
o Answer: LDA is a generative probabilistic model used to identify topics in a 

document. It assumes documents are mixtures of topics and each topic is a 

distribution of words. 

13. What is cosine similarity in text analytics? 
o Answer: Cosine similarity measures the similarity between two text 

documents by calculating the cosine of the angle between their vector 

representations. It ranges from 0 to 1, with 1 indicating perfect similarity. 

14. What is Word2Vec, and how does it differ from TF-IDF? 
o Answer: Word2Vec is a word embedding technique that represents words in a 

continuous vector space, capturing semantic relationships. TF-IDF is based on 

word frequency and does not capture word meanings. 

15. What is the difference between supervised and unsupervised text classification? 
o Answer: Supervised classification uses labeled data to train a model, while 

unsupervised classification identifies patterns or clusters in unlabeled data. 

16. How do you handle imbalanced datasets in text classification? 
o Answer: Techniques include resampling (oversampling the minority class, 

undersampling the majority class), using balanced class weights in models, or 

applying advanced algorithms like SMOTE. 

17. What are n-grams, and how are they used in text analysis? 
o Answer: N-grams are contiguous sequences of n items (words, characters) in 

text. They are used to capture context and co-occurrence patterns in text 

analysis. 

18. Explain the role of LSTM in text analytics. 
o Answer: Long Short-Term Memory (LSTM) networks are a type of recurrent 

neural network (RNN) that excel at modeling sequential data like text by 

capturing long-term dependencies between words. 

19. What is text summarization? 
o Answer: Text summarization is the process of creating a concise and coherent 

summary of a longer text document. It can be extractive (select key sentences) 

or abstractive (generate new sentences). 

20. What are some common metrics for evaluating text classification models? 
o Answer: Common metrics include accuracy, precision, recall, F1-score, and 

confusion matrix. For imbalanced data, precision-recall curves and AUC 

(Area Under Curve) are also used. 

21. What is Transfer Learning in text analytics? 
o Answer: Transfer learning involves using a pre-trained model on a large 

dataset and fine-tuning it for a specific text-related task. BERT, GPT, and 

Transformer models use transfer learning. 

22. What is BERT, and how is it different from traditional word embeddings? 
o Answer: BERT (Bidirectional Encoder Representations from Transformers) is 

a transformer-based model that generates contextual embeddings by 

considering both left and right contexts. Traditional embeddings like 

Word2Vec are static and context-independent. 

23. Explain the attention mechanism in NLP. 
o Answer: The attention mechanism allows models to focus on different parts of 

the input sequence when generating predictions. It helps in capturing 

relationships between distant words in text. 

o  



24. What is GPT, and how is it used in text generation? 
o Answer: GPT (Generative Pretrained Transformer) is a transformer-based 

model trained to generate human-like text. It uses autoregressive techniques to 

predict the next word in a sequence based on previous words. 

25. How do you handle out-of-vocabulary (OOV) words in NLP models? 
o Answer: Techniques include using subword embeddings (FastText, Byte Pair 

Encoding), or replacing OOV words with a special token (like <UNK>). 

26. What is sequence-to-sequence (Seq2Seq) learning in text analytics? 
o Answer: Seq2Seq learning is a type of neural network architecture that maps a 

sequence of inputs (e.g., sentences) to a sequence of outputs (e.g., 

translations). It’s commonly used in machine translation and text 

summarization. 

27. What is text clustering, and which algorithms are used? 
o Answer: Text clustering groups similar text documents into clusters without 

labeled data. Algorithms include K-means, Hierarchical clustering, and 

DBSCAN. 

28. How do transformers work in NLP? 
o Answer: Transformers use self-attention mechanisms to process words in 

parallel, capturing dependencies between words regardless of their distance in 

the text. They are highly effective in modeling long-range dependencies. 

29. What is zero-shot learning in NLP? 
o Answer: Zero-shot learning allows models to classify text into categories they 

haven’t seen before by leveraging a shared representation of label and input 

text. 

30. How do you deal with sarcasm in sentiment analysis? 
o Answer: Sarcasm detection is challenging due to the contradiction between 

literal meaning and sentiment. Advanced models using context-aware 

embeddings and labeled sarcastic data can improve detection. 

31. How is text analytics applied in customer feedback analysis? 
o Answer: Text analytics is used to process customer feedback, extract 

sentiments, identify key topics, and gauge customer satisfaction by analyzing 

reviews, surveys, and social media data. 

32. What is the role of text analytics in healthcare? 
o Answer: Text analytics is used to process unstructured clinical notes, extract 

important medical entities (like symptoms, diseases), and support decision-

making for diagnosis and treatment. 

33. Explain the use of text analytics in financial fraud detection. 
o Answer: Text analytics helps detect fraudulent patterns in transaction data, 

legal documents, and customer communications by analyzing textual clues 

such as unusual language patterns or requests. 

34. How is text mining used in legal document analysis? 
o Answer: Text mining automates the extraction of key information from legal 

documents, including contracts and court rulings, by identifying named 

entities, clauses, and legal precedents. 

35. What are some ethical considerations in text analytics? 
o Answer: Ethical concerns include data privacy, bias in text models, 

transparency, and accountability in decision-making. Text models must be 

trained on diverse datasets to avoid bias and ensure fairness. 

o  



36. How is spam detection implemented using text analytics? 
o Answer: Spam detection uses text classification techniques to identify patterns 

and keywords commonly associated with spam messages. Algorithms like 

Naive Bayes or deep learning models can be employed for this task. 

37. What is sentiment lexicon, and how is it used in sentiment analysis? 
o Answer: A sentiment lexicon is a collection of words and their corresponding 

sentiment polarities (positive, negative, neutral). It’s used to score text based 

on the occurrence of these words. 

38. How can you use text analytics for product recommendation? 
o Answer: Text analytics can analyze product reviews, social media comments, 

and user queries to identify customer preferences and recommend products 

based on their sentiment and interests. 

39. What challenges arise when processing multi-lingual text in text analytics? 
o Answer: Challenges include handling different linguistic structures, 

translations, encoding differences, and ensuring that the same text-processing 

pipeline works effectively across multiple languages. 

40. How does natural language understanding (NLU) differ from natural language 

processing (NLP)? 
o Answer: NLP refers to the broader process of analyzing and understanding 

human language, whereas NLU focuses specifically on interpreting and 

extracting meaningful information from text, involving deeper semantic 

analysis. 

41. How would you preprocess social media text for analysis? 
o Answer: Preprocessing includes tokenization, removing URLs, hashtags, 

mentions, correcting misspellings, handling emojis, stop-word removal, and 

possibly dealing with short forms and slang. 

42. What are some challenges in analyzing noisy text data? 
o Answer: Noisy data, such as social media posts or customer feedback, may 

contain spelling mistakes, abbreviations, incomplete sentences, or emojis, 

making it difficult to extract meaningful insights. 

43. How do you handle large-scale text datasets? 
o Answer: Techniques include distributed computing using frameworks like 

Apache Spark or Hadoop, as well as efficient storage solutions such as HDFS 

(Hadoop Distributed File System) or cloud-based solutions. 

44. What role do regular expressions play in text analytics? 
o Answer: Regular expressions are used for pattern matching in text, such as 

extracting phone numbers, dates, or cleaning text data by finding and 

replacing specific patterns. 

45. What is the use of deep learning in text analytics? 
o Answer: Deep learning models like LSTMs, CNNs, and transformers are used 

to capture complex patterns, relationships, and context in text for tasks such as 

translation, sentiment analysis, and text generation. 

46. What are some applications of text analytics in e-commerce? 
o Answer: Applications include analyzing customer reviews, sentiment analysis 

for brand monitoring, product recommendation, personalized marketing, and 

detecting fake reviews. 

 



47. How would you implement a search engine using text analytics? 
o Answer: The steps include text preprocessing (tokenization, stop-word 

removal), indexing using algorithms like TF-IDF or BM25, and ranking 

documents based on cosine similarity or another relevance measure. 

48. How do you handle negations in sentiment analysis? 
o Answer: Handling negations involves identifying negative words like "not" 

and modifying the sentiment of the adjacent words, such as changing "not 

happy" from positive to negative. 

49. What is the role of dependency parsing in text analytics? 
o Answer: Dependency parsing is used to analyze the grammatical structure of a 

sentence, identifying the relationships between words (such as subject-object 

pairs) to extract more meaningful information from the text. 

50. How would you build a chatbot using text analytics? 
o Answer: The process involves training an NLP model using intents and 

entities, building dialogue flows, using pre-trained models like GPT for 

conversation generation, and integrating it with a front-end interface. 

51. What is the difference between extractive and abstractive text summarization? 
o Answer: Extractive summarization selects key sentences directly from the 

text, while abstractive summarization generates a new summary by 

interpreting the main ideas, similar to human-written summaries. 

52. What is a confusion matrix in text classification? 
o Answer: A confusion matrix is a table used to evaluate the performance of a 

classification model. It shows the number of true positives, false positives, true 

negatives, and false negatives. 

53. How is cross-validation used in text analytics? 
o Answer: Cross-validation is a technique to assess the performance of a text 

classification model by dividing the dataset into training and testing sets, 

ensuring that the model is not overfitting. 

54. Explain the difference between semantic and syntactic analysis in text analytics. 
o Answer: Syntactic analysis focuses on the grammatical structure of the text, 

while semantic analysis interprets the meaning and context of words and 

sentences to extract more meaningful insights. 

55. How do you evaluate the performance of a text analytics model? 
o Answer: Performance can be evaluated using metrics like accuracy, precision, 

recall, F1-score, confusion matrix, and, for text generation models, BLEU or 

ROUGE scores. 

56. What is the role of word clouds in text analytics? 
o Answer: Word clouds are visualizations used to display the frequency of 

words in a text dataset. Larger words represent higher frequency, offering a 

quick overview of prominent terms. 

57. How do you use text analytics to detect fake reviews? 
o Answer: Text analytics can detect fake reviews by identifying patterns like 

repetitive wording, exaggerated sentiment, or unnatural language. Machine 

learning models can be trained to classify reviews based on these patterns. 

58. What is POS tagging, and why is it important in text analysis? 
o Answer: POS (Part-of-Speech) tagging involves labeling words in a text as 

nouns, verbs, adjectives, etc. It is crucial for understanding the grammatical 

structure of a sentence, aiding tasks like named entity recognition and 

sentiment analysis. 



 

59. How do you ensure model interpretability in text analytics? 
o Answer: Model interpretability can be achieved using methods like LIME 

(Local Interpretable Model-agnostic Explanations) to explain individual 

predictions, visualizing word importance, and simplifying complex models for 

better understanding. 

60. How can text analytics be used for trend analysis in social media? 
o Answer: Text analytics can track popular keywords, hashtags, and sentiment 

trends over time by analyzing user-generated content. It helps in identifying 

emerging topics, opinions, and public sentiment shifts. 

 


